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Internet user grouping and important responder identification

based on bipartite configuration model
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Abstract: In the public opinion field with social media as the carrier, users’ personal appeals and response
behavior potentially reflect their interest preferences. Grouping users according to this association helps to
develop group news recommendation system. This paper also identifies the users’ important responders to in-
tervene in the dissemination of positive and negative news by the message dissemination mechanism. Selecting
the case of Tianya forum, the study defines the top users and ordinary users. Bipartite configuration models
are used to model bipartite graphs among top users, posts and ordinary users based on the posting relationship
and reply relationship. The results show that users in the same group have similar topic preferences, and their
interactions are close. Important responders thus obtained are inclined to corresponding top users in terms of
the number of replies. The negative emotions of the top users tend to be amplified by their important responder-
s. Thus, the identification of important responders and timely restriction provide a new perspective for online

public opinion management.
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Fig. 1 Distribution of post types of top users
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Fig. 3 Bipartite graph between top users and ordinary users about reply relation
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Fig. 9 Joint bipartite graph based on post and reply relationship
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Fig. 10 Distribution of reply proportion
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Fig. 11  Total number of responders and number of important responders per top user
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Fig. 12 Distribution of reply proportion in 175 important reply relationships
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Fig. 13 Proportion distribution of top users’ different emotion pairs
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