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Analyzing topic evolution of online product forum based on topic model
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Abstract: Topic analysis of online product forums has an important significance to enterprise marketing and
product improvement. According to the features of product forums, a topic evolutionary analysis model is
constructed for online product forums based on latent Dirichlet allocation (LDA) model. The model is aimed
at mining the topic evolution law of massive online product reviews from three levels: topic label, topic heat,
and topic word heat. The experiment results show that the proposed method can mine the topic evolution
law of online product forums. Further, consumer concerns of the same product in different forums have both
commonness and differences. The change in the heat of consumer concerns are random, while the centres of

consumer concerns are steady. Forums with rich reviews are easy to form an evolution relationship of topics.
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Fig. 1 The framework of topic evolution analysis
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