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Social selection-aware social network generation model

Liu Yezheng, Li Lingfei, Sun Chunhua
(School of Management, Hefei University of Technology, Hefei 230009, China)

Abstract: To address the weakness of the existing generation models in explaining the mediostructure and
microcosmic mechanisms of real social networks, this paper proposes a social network generation model named
social selection-aware BA (SSBA). Considering the characteristic distribution of users in social networks and
the internal mechanism of homogeneous, the SSBA model combines the mechanisms of social selection and
social influence in the modeling process. Experiments on both simulated and real world datasets show that the
SSBA can capture the macroscopic perspective and mediostructure in a variety of networks. The experimental
results also indicate that networks under different mechanisms show diverse statistical characteristics: when
social selection is stronger, the degree distribution gradually represents a departure from power law distribution,
and the whole network gradually transforms into the an assortative network.
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