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Major drivers of China’s stock market volatility

during slowing economy
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Abstract: This paper investigates the time-varying drivers of China’s stock market volatility in a moving win-
dow regression framework. Component-wise gradient boosting is applied to high-dimension predictor variable
set and explanatory variables of volatility can be different through periods. Linear base learners and regression
trees are used respectively to analyze the changes of short-term and long-term relevant factors of volatility. Ma-
jor intervals and signs of economic variables affecting the volatility are derived. It shows that as the economic
growth rate reduces, volatility gets more sensitive to macro-fundamentals than before. International economic

variables have a stable long-term effect on China’s stock market volatility.
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Table 1 Description of financial and macroeconometric variables employed
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Table 4 The impact of predictors on volatility
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Table 5 Representative regression outcomes in the short run

9 VOLUM CNSUMY RTN IXY VOLUM.L
2002.9~2007.8 0.023 270 5291233 1.726 084 —1.089811  0.002 500

36 CNSUMY.L EP RTN VARC.L VOLUM
2004.12~2009.11  7.016 503 —0.302 961 1.085 783 0.055 188 0.000 913

49 RTB TBL EP RTN VARC.L
2006.1~2010.12 21.639 130 5.923 259 —0.263 108  0.898 854 0.113 247

61 LRVAR.L EP FIX LRVAR RTB
2007.1~2011.12 0.337 403 —0.314 204 3.332398 0.023 810 2.766 550

91 CPIY LBL.L FIX.L CPIM

2009.7~2014.6 —4917423  —108.832296  1.383 638 —9.506 038

106 FIX.L LBL FX VOLUM VARC.L CPIM
2010.10~2015.9 —4.170370  —77.355 035 17.213213 0.003 109 —0.148 645  —4.998 662
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LRVAR = (—4.1) + (—0.2) + (—0.3) + (—0.27) = —4.87.
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Fig.2 Representative regression outcomes in the long run
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