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Empirical study for enterprise internal credit rating

under big data framework
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(Department of Mathematics, Tongji University, Shanghai 200092, China)

Abstract: This paper focuses on enterprise advanced analytics solution under big data context. An empirical
study for enterprise internal credit rating business is also in place. By considering factors of business process,
information technology and mathematical model, a new enterprise advanced analytics platform is given, which
integrates big data and big computation. On this platform, logistics regression model is used for credit rating.
New rating model gives more details of credit of customer. In this process, it is found that model selection and

meta-model library is vital important for enterprise advanced analytics implementation.
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Fig. 1 Corporate ratings in 2013 by using experts criterion method
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